Chapter 1: Neural Networks Foundations
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Chapter 2: Keras Installation and API
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Chapter 3: Deep Learning with ConvNets
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Chapter 4: Generative Adversarial Networks
and WaveNet
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Chapter 5: Word Embeddings
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Chapter 6: Recurrent Neural Network — RNN
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Chapter 7: Additional Deep Learning Models
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Chapter 8: Al Game Playing

Epoch 5075/5100 | Loss 0.02603 | Win Count 2548
Epoch 5078/5100 | Loss 0.06248 | Win Count 2549
Epoch 5077/5100 | Loss 0.09836 | Win Count 2550
| Epoch 5078/5100 | Loss 0.05955 | Win Count 2551
Epoch 5072/5100 | Loss 0.07357 | Win Count 2552
Epoch 5080/5100 | Loss 0.05425 | Win Count 2553
[ Epoch 5081/5100 | Loss 0.05861 | Win Count 2553
| Epoch S0B2/5100 | Loss 0.05737 | Win Count 2553
Epoch 5083/5100 | Loss 0.08889 | Win Count 2554
Epoch 5084/5100 | Loss 0.04265 | Win Count 2555
Epoch S085/5100 | Loss 0.06579 | Win Count 2556
Epoch 5085/5100 | Loss 0.08825 | Win Count 2557
} Epoch 5087/5100 | Loss 0.09329 | Win Count 2557
| Epoch 5088/5100 | Loss 0.06124 1 Win Count 2558
1 Epoch S088/5100 | Loss 0.15128 | Win Count 2558
[ Epoch 5090/5100 | Loss 0.03769 | Win Count 2560
E Epoch 5091/5100 | Loss 0,06348 | Win Count 2560
Epoch 5092/5100 | Loss 0.03817 | Win Count 2561
Epoch 5083/5100 | Loss 0.05225 | Win Count 2562
Epoch 5084/5100 | Loss 0,04986 | Win Count 2563
| Epoch S095/5100 | Logs 0.06316 | Win Count 2564
| Epoch 5096/5100 | Loss 0.07558 | Win Count 2564
k Epoch S097/5100 | Logs 0.04027 | Win Count 2565
| Epocty S098/5100 | Loss 0.03801 | Win Count 2566
Epoch 5088/5100 | Loss 0.02446 | Win Count 2567
Epoch 5100/5100 | Loss 0.04321 | Win Count 2568
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Appendix: Conclusion

Thursday, March 9, 2017

u 7 Day Active Users: 34,738
14 Day Active Users: 59,194
30 Day Active Users: 107,942

Unique users of the Keras documentation
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